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Abstract
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mplementatlon of different projected groundwater management
and thus domestic well failure. When historic overdraft persists until
ge from 5966 to 10 466 (depending on the historic period considered).
d progressively between 2020 and 2040, well failures range from 3677 to
513 when groundwater is not allowed to decline after 2020.

1. Introduction

Presently, more than 13 million households rely on
private domestic wells for drinking water in the United
States [1]. In the State of California alone, around
1.5 million residents rely on domestic wells for drinking
water, around one third of which live in the Central
Valley (CV) [2]. Domestic wells in the CV are greater in
number than agricultural or public supply wells, yet
tend to be more shallow and have much smaller
pumping capacities (e.g. 0.25-1.0 m> h™' compared to
100.0-900.0 m>h™" [3]). Well completion report
(WCR) data [4] suggest that between 1900 and 2018 in
the CV, 96299 domestic wells with an interquartile

(IQR) depth range of 36.6-75.6 m were drilled, com-
pared to 43 861 agricultural wells (IQR: 57.9—-152.0 m)
and 3649 public supply wells (IQR: 76.2-159.0 m).
Hence, a large number of shallow domestic wells in the
CV are vulnerable to both lowering of the groundwater
table [5-9] and contamination by pollutants such as
total dissolved solids [10, 11], nitrates [12—14], arsenic
[15, 16], uranium [17, 18], and hexavalent chromium
[19,20], among others.

Past droughts in California have encouraged both
additional well drilling and groundwater pumping to
supplement dwindling surface water supplies [21, 22].
During the 2012-2016 drought, 2027 private domestic
drinking water wells were reported dry in California’s

© 2020 The Author(s). Published by IOP Publishing Ltd
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CV [23]; because reporting was voluntary, actual well
failure counts are possibly greater. To date, limited
long-term data and solutions exist to address the vul-
nerability of rural community drinking water supply
wells to severe droughts [24, 25].

The paucity of well failure research, particularly in
California, is partially due to privately-held records on
well location and construction. In 2017, the public
release of over one hundred years of digitized domestic
WCR enabled the first spatial distribution and count
estimates of domestic wells in California [26, 27]. The
California Online State Well Completion Report Data-
base [4] and similar well construction databases across
the US have allowed near-continental scale estimation of
failing wells [28] and well depths [9]. A recent study in
the Tulare County, California (around 5000 kmz) esti-
mated domestic well supply interruptions from ground-
water level decline during the 2012-2016 drought, and
the associated costs of maintaining domestic water well
supplies [29]. However, to our knowledge, no studies
have developed models at the regional aquifer scale
(around 50 000 km? or greater) that simulate the impact

regimes on domestic well failure. Such a model can h

evaluate the consequences of future droughts an %

of drought and sustainable groundwater managemeE’ i

wide groundwater management options.

Groundwater overdraft in Cahforma
larger global trend in aquifer depletlon L1ke
many other semi-arid, agrlculturall
worldwide, in the decades
grapple with the impacts of K
on its overdrafted aquifers, B y

tury, California’s sn
as much as 79.3% y in the

southern CV M2 ¢ by upw 0% [35]. 1t
is in this ingly drier rmer climate
[36, 37] ch zed by mg e fréquent, more spa-
tially extensive heat wa extended droughts
[38, 39], that Calife @ implement a statewide
policy of sustainable Sgoufidwater management [40].
These policies aim to prevent chronic groundwater
overdraft and other undesirable results, including
domestic well failure. However, we lack both metho-
dological approaches to forecasting well failure, and a
basic understanding of how climate change (i.e.
drought) and policy (i.e. groundwater management
regimes) will impact well failure.

In this paper, we present a regional aquifer scale
model covering California’s CV that predicts domestic
well failure in response to groundwater level decline
from extended drought and different groundwater
management regimes. The model was developed using
reported domestic well failures from the severe
2012-2016 California drought. The goal of this study
is to evaluate the risk of domestic well failure in
response to (1) extended (5-8 year) drought duration
scenarios and (2) three different groundwater man-
agement regimes (sustainability, glide path, business
asusual) in California’s CV.

tensiVe regions
ahforma
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2. Studyarea

The domestic well failure model was developed for the
California CV alluvial groundwater basin (figure 1). We
chose this area for its geologic continuity, data availability,
social and economic significance, and high rates of
domestic well failure reported during the recent
2012-2016 drought. The study area was further pared
down to only include areas with domestic wells com-
pleted on or after 1976 (SI appendix, section S1 is available
online at stacks.iop.org/ERL/15/044010/mmedia).

The CV is heavily dependent on winter snowpack
and groundwater for agriculture [41, 42, 21]. In an
average year, groundwater provides about 30% of the
water demand, but in drought years, groundwater can
account for upwards of 60% of water consumed in
some parts of the CV [43]. Nearly all of this water is
consumed by agriculture [42, 43]. It is well established
that scarce surface water supply during drought
encourgges groundwater pumping [44, 25, 45]. The

oundwater pumping in the CV
eased upw 0% compared to the long-
mean (1%@03) [42]. Estimated annual base-
epletion in the San Joaquin Valley

1s 2.3km’yr !, but during drought,
ater depletion rate may be up to 5 times
46] Modeled CV groundwater depletion dur-
e 1976—1977 1987-1992,2012-2016 droughts is

estlmated at 24.6 km’, 49.3km?, and 40.0 + 0.8 km’
respectlvely [41, 47]. Thus, four- and five-year long
historical droughts in California’s CV have led to
groundwater storage losses roughly equivalent to the
combined storage capacity of California’s surface

water reservoirs (51.8 km?) [21].

Groundwater storage change leads to groundwater
level change. Data from 506 monitoring wells in the
Tulare Lake hydrologic region indicate that between
fall 2011 and fall 2017, around 90% of wells experi-
enced a decline in groundwater level, and 58.9% of
wells experienced more than 7.5 m of groundwater
level decline [48].

ine grou
(sout e

3. Materials and Methods

3.1.Data

The study used WCR from 943 469 wells from the
California Department of Water Resources (https://data.
ca.gov/dataset/well-completion-reports) [4]. Further,
the study used seasonal groundwater level measurements
[49] spanning the period 1998-2017 and well failures
reported during the 2012-2016 drought. The well failure
dataset was obtained via an agreement with the California
Department of Water Resources and the California
Governor’s Office of Planning and Research [23]. A
limitation of the reported well failure data is that data was
neither collected nor verified consistently by counties,
and reporting was voluntary (and usually happens only
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Figure 1. California’s Central Valley is &gricultural h stern US, approximately 720 km long and 64-97 km wide.

&ws€d to define the study area (see S appendix S.1 for details).
meonfined to semi-confined aquifers. Areas of large groundwater level

0" 20 -10 0 10

rought (red dots) cluster in the southeast. 67 011 domestic wells

decline correspond to areas of fiigh reported well failure.
when a wed not S@E their issues).
Hence, the repagted data undgegountsthe domestic wells
impacted during the data are accessible
online [50], with thé @@ on of observed well failure
data, which are confidé#fal and may be obtained by
contacting the California Department of Water

Resources. Further information on data sources is
provided in SI appendix, section S2.1.

3.2. Classification of failing and vulnerable wells

We distinguish between three classes of well status:
active, failing, and vulnerable. A well is classified as
active when the groundwater level at the location of the
well is above the level of the pump intake. If the
groundwater level falls at or below the pump intake,
the well is classified as failing (figure 2). The well failure
data collected during the 2012-2016 drought did not
distinguish between failing wells and wells experien-
cing a decrease in pump efficiency, thus for the model
calibration, wells are considered as either failing or
active. Further detail is provided in ST appendix S2.2.

Wells are classified as vulnerable to well failure
when the groundwater level in a well falls within 3 m of
the pump intake. As the distance between a well’s
pump intake and the groundwater level decreases, the
fluid pressure (i.e. the net positive suction head)
declines, causing cavitation, which may physically
damage the pump and decrease its efficiency [51, 52].
In this study, we estimate the minimum separation
distance required to avoid decreases in well function as
3 m (see Sl appendix S2.3).

3.3. Groundwater level interpolation

Seasonal (spring and fall) groundwater level data for
each year between 1998 and 2017 [49] were used to
determine groundwater level changes in the uncon-
fined to semi-confined shallow aquifer, which domes-
tic wells draw from. For each set of seasonal
groundwater levels, we applied ordinary kriging to the
log-transformed groundwater levels to normalize the
data distribution, suppress outliers, and improve data
stationarity [53, 54]. Because the expected value of
back-transformed log-normal kriging estimates is
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Figure 2. Conceptual model of well failure in an unconfined to semi-

intake of the shallow well, causing it to fail. The deep well remai
wells tend to be agricultural and public supply wells.

biased (i.e. not equal to the sample mean),
the correction of Laurent [55, 56] to rec
groundwater level estimates (SI a e&
S2.4). We further calculated the
fidence intervals of the krigidg ¢ @
kriging uncertainty throught
well failure estimates.

@Xti ation

3.4. Pump intake
Te ed on WCRs,

Pump intakg/d 1910t explici
thus for eac t was estimate
static water level at the time I completion, and the

the mean of the
top of the screened iz dppendix, section S2.6).
When pump depth c0 bt be directly calculated (i.e.
—a WCRs is missing stafic water level or the top of the
screened interval information), we imputed pump
depths with simple linear models to regress known
pump depths onto the bottom of the screened interval,
which is known for nearly all wells (SI appendix,
figure S4). Pump depth exhibits spatial variance due to
geologic heterogeneity and historical groundwater level,
hence imputation was conducted at the Bulletin 118
subbasin level (SI appendix, figure S3) to ensure
hydrogeologic similarity. As with the kriging estimates,
we calculated the 5% and 95% confidence intervals of
the estimated pump locations to propagate this uncer-
tainty into the well failure estimates.

, section
and 95% co,
tes to propa
odel and

3.5.Model calibration based on 2012-2016

drought data

The well failure model was calibrated with observed
2012-2016 well failures by relating groundwater level
changes to estimated pump intake locations of wells in

co aquiferidetails provided in SI appendix,
section §2.2). (A) Groundwater level is above all pump intakes, ang allgkells@ge agtive. (B) Gr, q!! ! hater level falls below the pump

&

our study site Vells tend to be domestic, and deep

minimizing error between the observed
edicted well failures during the 2012-2016
ht (SI appendix, section S2.7). Well failures tend
orm clusters, thus we calculated Gaussian kernel
density estimates for the observed and predicted point
patterns and calculated residual error as their differ-
ence. We use a kernel bandwidth of 433 m, calculated
as 0.15/+/5 - A where )\ is the point intensity—the
number of observations divided by the study site area
[57]. Calibration results are depicted at the Public
Land Survey System [58] township resolution (roughly
10 km) to improve mapping.

3.6. Simulation of drought duration scenarios

Climate change may cause severe and extended droughts
exceeding 4 years in duration, yet the impact of such
drought durations on domestic well failure remains
unknown. Thus, we simulate drought durations of 5-8
years in length by extending the observed 2012-2016
drought with an additional 1—4 years using two scenarios:

(1) Continuous drought: 1-4 years of drought imme-
diately following the 2012-2016 drought.

(ii) Intervening wet winter: identical to the continuous
drought scenario, but groundwater levels are
allowed to recover after 4 years, due to one
intervening wet winter.

Groundwater level change in each drought dura-
tion scenario was determined by assuming that the
impact of future droughts is proportional to the his-
torical 2012-2016 drought. In other words, the

4
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T against @faﬂure over a longer
drought duration. Q

3.7.Projected groundwdter management regimes

In California, the Sustainable Groundwater Manage-
ment Act (SGMA) enacted in 2014, requires the
development and implementation of local ground-
water management plans by 2020. These plans aim to
prevent undesirable results, including the chronic
lowering of groundwater levels, to achieve ground-
water sustainability by 2040 for critically overdrafted
basins. Overlying landowners of overdrafted basins
may deploy different groundwater management
regimes, which will impact groundwater level change
in the coming decades to various degrees.

To analyze how different groundwater manage-
ment regimes might impact groundwater level change
and hence domestic well failure, we simulate three
simplified regimes for the period 2017-2040 (figure 3):

(i) Strict sustainability: water levels do not decline
after 2020. This represents a theoretical (and

wends, and alh es.
h
N

caltzed) best case management regime for
omestic wells.

(11) Glide path: groundwater level decline is gradually
reduced over the implementation period
until 2040.

(iil) Business as usual: groundwater level decline con-
tinues at the historic rate. This regime is used for
comparison.

To project the number of failing wells for each
groundwater management regime, we extend past
groundwater level trends through 2040. For this, we
first determined past groundwater level trends using
data for the period from 1998 to 2017 and estimated
annual groundwater levels at each point of the CV via
ordinary kriging as discussed above and in SI
appendix, section S2.4. To estimate declining ground-
water level trends consistently over time, we only use
fall measurements following the growing season. We
then obtain linear approximations of groundwater
level for each cell using a 5 x 5km? raster. We use
three different approximations of groundwater level
based on changes observed from 1998-2017,
2003-2017, and 2008—-2017 to account for differences
in initial groundwater level and thus, uncertainty
introduced by the period over which the linear models
are built. Finally, to project the ‘Strict sustainability’
regime we extend these three approximations into
2020, then eliminate further overdraft. In contrast, the
‘Business as usual’ regime projects the linear trends
into 2040 before ending overdraft, and the ‘Glide path’
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Figure 4. Model performance in predicting the spatial intensity of observed domestic well failures during the 2012-2016 drought.
(A) Observed well failure point pattern and kernel density estimate. (B) Predicted well failure mean estimate (1 = 2513) and kernel
density of the mean prediction. The 5% and 95% confidence intervals of predicted well failures span the interval from 2144 to 2868.
(C) Residual (predicted minus observed) error, with red areas indicating areas of over-prediction, and blue areas indicating

O

(B) Predicted 2012-2016 well failure

n=
2,144 :2,868

N W

0 . Q- Q-
06& ’L\‘ Qm\\o 6\‘0 %Q&O

Residual Error

o

Q% o
A0 AXO
o Aok 0‘3’0

A
20 NAMERN

regime gradually reduces the slope of the linear trend
between 2020 and 2040, representing a middle path
between the ‘Strict sustainability’ and the ‘Business as
usual’ regimes.

4. Results

4.1. Well failure prediction during the 2012-2016
drought

The calibrated model reproduced both the magnitude
and spatial distribution of the 2027 well failures

observed in the study area during the 2012-2016
drought (figure 4(A)). The model predicts a slightly
higher mean number of well failures (n = 2513)
(figure 4(B)), which is expected, as observed well
failures are most probably under-reported due to the
voluntary nature of data collection, and a well-owner’s
perceived consequence of reporting a failed well to
their county or state.

The normally distributed residual error
(figure 4(C)) indicates the unbiasedness and strength
of the model: well failure predictions for the observed

6
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® Predicted well failure Failure

Figure 5. Simulated domestic well failure point patterns and associated kernel density estimates for 5-8 year drought duration
scenarios beginning in Fall 2016 (maps show mean prediction). 7 is the 5% and 95% confidence interval of cumulative well failure
count in each scenario, including the 2027 failing wells in the 2012-2016 drought.

20122016 drought were within 20% of the actual R

value for around 68.2% of the study area, betwe
20% and 55% of the actual value for around 27.2%

the study area, and greater than 55% of the actua@

for less than 5% of the study area.
Unsurprisingly, both observed and p
ures tend to cluster in the southeastern&CV, where

ed fail-

agricultural groundwater use is co

on domestic wells in this re particl

%nterve wet winter’ scenario, ground-
r levels ar to recover during 2017, and
1 failure sliQ}bates: 498 and 738 fewer wells fail

a@1 r drought scenarios, indicating that
an incre edian groundwater level of only a few
m %055 the Central Valley can prevent hundreds

stic well failures during extended drought.
e cumulative sum of annual well failures

= follows a linear trend (figure 6). If the drought were to

aratively high
than elsewhere in the state [4& eholdsae '@observed in the evaluated drought duration scenarios

ceptible to failure.

4.2. Failing ag lgerable wells i t
duration sc
Longer drotgh#” duratio sults in widespread
well failure episodesgee c@ted primarily in the
southeastern CV ( Consistent with domestic
well failure patterns ob§¢tved during the 2012-2016
drought, well failure density is highest in Madera,
Kings, Kaweah, Tule, Tulare Lake, and Kern
subbasins.

In the ‘continuous drought’ simulation, two- and
four-year long droughts immediately following the
2012-2016 drought (6 and 8 years total without an
intervening wet winter) result in 4037-5460 and
6538-8056 cumulative well failures, respectively.
Thus, a two-year drought duration following the
2012-2016 drought results in more well failures than
the 2012-2016 drought alone, and a combined 8 year
drought duration results in nearly twice the failures
observed from 2012 to 2016 (figure 6). Intensified well
failure during extended drought reinforces the inter-
dependence of well failure on groundwater level: when
groundwater levels cannot recover to pre-drought
levels and pump depths are fixed, wells are more vul-
nerable to failure.

continue past the simulated 8 years scenario, well fail-
ures likely would follow a sigmoidal trend: inflecting
then leveling off, as failure progresses to increasingly
infrequent and deeper wells until none are left.

Vulnerable wells (figure 7) are those with esti-
mated pump intakes within 3 m of the groundwater
level, and are at heightened risk of experiencing a
reduction in pump efficiency, or a failure episode.
Since this 3 m window is fixed in our analysis, the spa-
tial distribution and count of vulnerable wells is rela-
tively constant across the drought duration scenarios
(22742453 wells), and the present day scenario of Fall
2018 (mean estimate = 2568). Moreover, the spatial
distribution of vulnerable wells mirrors those of well
failures.

4.3. Failing wells in projected groundwater
management regimes

Projecting groundwater depths into 2040 under
three different management regimes results in sig-
nificant differences in domestic well failures
(figure 8). The ‘Business as usual’ regime, with no
change in the historical trend of groundwater
level decline, would lower the groundwater level by
up to 100 m in parts of the southern CV, but
significant groundwater level declines are wide-
spread. Scenarios aimed at achieving sustainability
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Figure 7. Top row: kernel density estimates of low vulnerability (white) and high vulnerability (red) regions in extended drought
duration scenarios and in Fall 2018. Bottom row: histograms of failing wells (grey), vulnerable wells (red), and active wells (blue) for
the extended drought scenarios and Fall 2018 scenario. The black dotted line at 3 meters is the threshold at which wells are at risk of
decreased efficiency. All numbers reported are the mean estimate of dry, vulnerable, and failing wells.




10P Publishing

Environ. Res. Lett. 15 (2020) 044010

P Letters

Strict sustainability

2003-2017 linear approximation 1998-2017 linear approximation

2008-2017 linear approximation

® Predicted well failure
A 4

\\

periods of linear grou
t0 2040. Groundwate

FY 71
the mean predicted well 14 |D

approximation. See SI appendix, table S2 for confidence intervals.

Glide path

Change in groundwater level (m) ‘

Figure 8. Domestic well failureted for three groundwater management regimes (columns) based on three different time
evekefange (rows). The left plot of each pair is the mean projected groundwater level change from 2017

vel dedline (red) is more common than groundwater level increase (blue). The right plot of each pair shows

point pattern for that combination of groundwater management regime and groundwater level change

Business as usual

<-100 -50 0 50 >100

would reduce these declines, hence the differences
between the ambitious ‘Strict sustainability’, ‘Glide
path’ and ‘Business as usual’ pathways might be quite
important for water resources managers and policy
makers.

The groundwater depth changes and associated
well failures are sensitive to the period used for the lin-
ear approximation of groundwater level declines. The
period from 2008 to 2017 leads to significantly worse
groundwater depletion than both periods 2003-2017
and 1998-2017, particularly because of the effects of
the 2012-2016 drought. Average well failures for the
‘Business as usual’ regime range from 5966 to 10 466
(depending on the period used for the linear interpola-
tion), while under the ‘Glide Path’ regime they range
from 3677 to 6943, and from 1516 to 2513 under the

‘Strict sustainability’ regime (confidence intervals are
reported in SI appendix, table S2).

Most of the estimated domestic well failures are
still concentrated in the southeastern CV, but the cen-
tral and northern CV are also affected, presumably due
to the ubiquity of relatively shallow wells in these
regions. The ‘Business as usual’ regime leads to espe-
cially severe well failure in all three projected ground-
water level trends.

5. Discussion

5.1.Impact of drought duration on well failure and
vulnerability

It is well understood that drought duration leads to
increased groundwater extraction [21, 22], and hence
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domestic well failure [28, 25]. Thus, we tested the
impact of previously unseen drought durations ran-
ging 5-8 years in length, by simulating an additional
2—4 years of severe drought immediately following the
2012-2016 drought, calculating the change in ground-
water level, and determining failing and vulnerable
wells.

A previous study estimated that 4 years of drought
in the Tulare County, California immediately follow-
ing the 2017 wet winter would result in about 200-850
domestic well failures [29]. Our model’s equivalent
scenario (intervening wet winter with an 8 year
drought duration) results in a similar range of 585-715
domestic well failures in Tulare County. Additional
comparisons are not possible given the lack of research
on this topic.

At the level of California’s CV, our results suggest
that drought durations of 68 years result in 4037 to
5460 and 6538 to 8056 cumulative well failures,
respectively. However, an intervening wet winter dur-
ing the 6 and 8 year long drought duration simulations

buffers against well failure: when groundwater is®

allowed to recover after 4 years of drought (as ha
pened during the 2017 wet winter), an average o,
and 738 less domestic wells fail. These findin

port research indicating that limiting gr
%e

ailure
ground-

pumping during drought may reduc
[46, 29], and a general understandi
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5.2. Implications for groundwater management and
policy

The strong dependence of domestic well failure on
groundwater pumping to support irrigated agriculture
raises serious questions concerning the role of sustain-
able groundwater policy in mitigating well failure [46].
We evaluated three different projected groundwater
management regimes to curb groundwater level
declines in the coming years: a ‘Strict sustainability’
theoretical best-case regime wherein declining trends
in groundwater level stop in 2020, a ‘Business as usual’
regime that continues groundwater decline until 2040,
and a final ‘Glide path’ moderate regime that slows the
rate of groundwater level decline to the midway point
between the former two regimes.

Our results suggest that choices embedded within
each of the groundwater management regimes vastly
impact the amount of expected well failures. For
instance, the ‘Glide path’ regime predicts 3677 to 6943
domestic well failures by 2040, and the ‘Business as
usua ime predicts 5966 to 10 466 domestic well
fad 2040. Both groundwater management

im¢&s would res wice to almost three times as

ny well f. than the ‘Strict Sustainability’
egime (1 failures). All three scenarios are
sensit;\ period of record used to approximate
the@ roundwater level decline, however they
nderpin the vulnerability of domestic wells to his-
rates of groundwater level decline, and demon-

water pumping can lower p groundwa@st ate the impact of management on well failure.
levels [5]. @ Refilling overdrafted aquifers via managed aquifer

During the 2012-2Q46 ught, the Swedian
CV fell to ptogressively
la er the s &rowmg
ur results

tion S2.
e fall of 201 015, the med-
evel acrgssythe ¢ntire CV fell by

nearly 5 m, and in sgmmg % (i.e.—Tulare, Kings,
and Kern counties)s @ of meters. In fall of 2016,
the median groundwate@flevel in the CV was 27.0 m
below land surface. Moreover, our results indicate
that the IQR range of domestic well pump locations
in the CV is 24.5-52.3 m below land surface.
The proximity of pump intake depths to ground-
water levels explains why domestic wells are sensitive

groundwater level
new historic lows
season (SI appen
indicate th

ian ground

to even slight declines in groundwater level: 5-10 m
of groundwater level decline may easily impact
thousands of domestic well pump intakes and
cause failure.

In the four drought duration scenarios evaluated,
an average of 2274 to 2453 domestic well pumps reside
within 3 m of the groundwater level. We classified
these wells as vulnerable, because they are likely to fail
first under persistent groundwater level decline. The
spatial distribution of well vulnerability mirrors that of
well failures. Mapping clusters of predicted failing and
vulnerable wells is essential for sustainable water man-
agement and disaster response.

recharge might meet the dual objectives of increasing
groundwater storage, and bolstering domestic well
dependent households’ drought resilience. In Cali-
fornia, high-magnitude flood flows are likely the most
accessible and largest sources of water to replenish
groundwater aquifers through managed aquifer
recharge [59], which might considerably slow or
reverse trends in groundwater depletion. The emer-
ging research in the strategic siting of managed aquifer
recharge considers impacts on crop health [60],
human health [61], the mobilization of contaminants
into groundwater [62], and hydrogeologic suitability
(i.e.—highly conductive flowpaths and geologic for-
mations capable of accommodating large volumes of
water, such as incised valley fills) [63]. In the San Joa-
quin Valley where domestic well failures peak, mana-
ged aquifer recharge alone may not be enough to offset
groundwater overdraft, but coupled with a reduction
in agricultural water use [46], groundwater levels may
stabilize enough to prevent widespread future failure
events.

This study assumes that no interim well construc-
tion takes place to prepare for falling groundwater
levels, such as the practice of pump lowering or well
deepening. Pump lowering typically takes place in 6 m
intervals (the length of standard discharge piping), and
costs around $2000 USD per lowering event [29]. If we
consider the cost of pump lowering in all failing

10
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wells in the 6 and 8 year drought duration scenarios (in
reality some wells will not have room to be lowered)
and assuming every failing well’s pump is lowered
once (some will require more than one lowering), at
$2000 USD per 6 m unit of discharge piping,
4037-5460 and 6538-8056 failures correspond to
$8.7-$10.4 and $13.8—-$15.5 million USD.

During the recent drought, it is likely that some
households also deepened their wells. In California
and nationwide, drilling deeper wells is a common
practice to adapt to declining groundwater levels [9],
but is a costly and unsustainable solution that may fur-
thermore result in cross-contamination due to inter-
connection of confined aquifers by well construction
[64]. Moreover, the financial burden of pump low-
ering or well deepening might disproportionately
impact disadvantaged populations [30] unable to
afford chasing after declining groundwater levels.
Since many of these disadvantaged groups may not
own their land and thus wells, well construction deci-
sions may be made by landowners rather than the
affected groups.

water access might include connecting vulnera

households to nearby centralized water provisi
Recent research indicates that many rura -
nities, assumed to be on domestic wellgf{a ually

quite close (less than 2 km) to a potable r supply
system [65]. However, as annexati

o e
Sustainable long-term solutions for drinkint&waterp

domestic-well dependent howugeholds,
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Approaches for interpolating groundwater levels
and estimating pump intake depths are demonstrated
in this study, though others exist [29, 28, 66, 56].
Groundwater levels provided by a groundwater flow
model such as MODFLOW [67] would easily couple to
a well failure model, enabling the simulation of water
management regimes and the impact of the resulting
groundwater level on domestic well failure at arbitrary
temporal scales. In California, existing regional-scale
groundwater flow models such as C2VSim [43] and
CVHM [42] can be used to plan for the impact of
future failure episodes under different water manage-
ment regimes involving changes in both pumping and
recharge in space and time.

This study aimed for regional prediction of failing,
vulnerable, and active wells, but more nuanced impact
analyses can be made. For instance, variable losses in
well efficiency may be quantified as groundwater levels
fall [22]. This in turn enables the cost estimation of
repairiag failing and vulnerable wells (e.g.—pump
lowell deepening), compared to water man-

tions —fallowing fields, reduced

s exist to survey households,

detailed d 1¢ well information such as geographic
locatign, intake depth, and retirement age may
tal

be , and would further constrain the uncer-

herent in the estimation of these parameters.
tionally, well failure observations are essential for

failure data, efforts to anticipate domestic well failures

nd consoli A )
tion is financially and phy @practic model calibration. Though this study benefited from
toa ar

ill
remain too remote apd jsolated to conn by
water system. &

Short- and lo sOlutions @nestic well
failure remg % nexplored@ role can man-
aged aquife ge play i _mitigating well failure?
Given the strong depe df groundwater level
decline on extractia @ rigated agriculture, could
agri-business proximaltog€enters of high well failure
collectively fund safety nets that internalize the cost of
well failure during periods of increased groundwater
pumping? Should vulnerable domestic well reliant
populations connect to nearby municipal water sys-
tems with more reliable water supply? What is the

appropriate solution for those that are too remote or
isolated to connect to a community system?

5.3. Applicability to other areas

The well failure model presented in this study is
extensible to other areas outside of California where
sufficient data or groundwater flow models are avail-
able. It relies on two inputs: (1) a time series of
spatially-explicit groundwater level surfaces reflecting
typical groundwater level changes (specifically, the
maximum drawdown), and (2) well construction
information (i.e.—geographic location and pump
intake depth).

as proactive hazard mitigation should not wait for the
existence of observational data. It does, however, sug-
gest the benefit of having such a system in place as part
oflocal and state-level drought preparedness.

5.4. Implications for adaptation to climate change

Our results demonstrate that the mechanisms leading
to domestic well failure are heavily dependent on
groundwater level declines due to pumping for
irrigated agriculture and increased pumping during
drought. A historical lack of groundwater manage-
ment in California [21] has led to widespread ground-
water level decline. Climate change compounds the
impact of water management decision-making.
Warming will increase the frequency and duration of
drought in California and other parts of the world
[36,37, 35, 34, 68], and if left unchecked, groundwater
withdrawal will likely intensify as surface water
becomes more scarce, as it has in the past [21]. As we
demonstrate in this study, groundwater replacement
of lost surface water during extended drought intensi-
fies well failure due to already low groundwater levels.
Thus, managing for low to no domestic well failure
requires a consideration of the complex interaction
between land use change, water resources manage-
ment, human decision-making, and climate change.
Unless adaptation strategies become integral to
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sustainable groundwater management policy, the
extended droughts anticipated under climate change
and resulting changes in groundwater levels will put
thousands of domestic wells in California’s CV at risk
of failure, and hence, thousands of Californians at risk
oflosing access to water.

5.5. Additional perspective on the data and model
There is generally good agreement between the
observed and predicted well failure at the 10 km
resolution of the residual error maps (figures 4(A)—
(B)), and better agreement (figure 4(C)) is achieved at
larger spatial scales (i.e.—Bulletin 118 groundwater
subbasins, entire CV). Thus, the results presented in
this study should not be taken as de facto predictions of
the exact locations of well failure, but rather, as
regional-scale well failure estimates. Local-scale errors
introduced by uncertainty in well failure reporting,
well completion reporting, groundwater level, and
model formulation are overcome at regional scales.
We acknowledge that spatial and temporal varia-
bility in monitoring well data introduces uncertain
in the interpolated groundwater level. Ambient mo
itoring wells measured each season (i.e.—sprin,

measurements are sampled over a rou
month time frame (January—March in t

October—December in the fall) wev
most of the groundwater level observed i
year takes place as the resul

because

season, and the fall measu eme

summer, spring an
ambient condmon ver,

2012-2016 groun: evel cha
calculati groundwater

drought sce @

levels with Ifyear grends are simple proaches to esti-
mate future groundwatge lcline, but the accur-
acy of any method te @ tnseen future events are
also questionable. Addigioatally, we do not account for
any emergency response measures in response to
drought such as groundwater pumping curtailments.
In California, some households were able to drill dee-
per wells, lower their pumps, or connect to a nearby
surface water supply system during the drought.
Because these corrective actions are cost-prohibitive
and highly unlikely to be widespread, our modeling
assumptions (no corrective action) and hence results,
still agree with observed well failure rates from 2012
to 2016.

ng the
eate future

6. Conclusions

In this study, we developed a data-driven well failure
model and applied it to California’s CV to make
regional-scale estimates of domestic well failure, and
assess future well failure under different groundwater
level scenarios.

P Letters

Our model reproduces reported domestic well
failures during the 2012-2016 drought in California’s
CV (n = 2027), and furthermore, simulates the
impact of different drought duration scenarios up to
8 years in length. We show that small declines in
groundwater level are sufficient to cause thousands of
wells failures when groundwater levels are already low,
and that wet winters, and hence groundwater recharge
or reduced pumping, may buffer against well failure.
A simulated drought duration of 6 years (2012-2018)
results in 4037-5460 total well failures. Similarly, an
8 year long drought (2012-2020), corresponds to a
median groundwater level change of less than 10 m
across the CV, but results in 6538—8056 total well fail-
ures. The same 6 and 8 year long drought duration sce-
narios with an intervening wet winter in 2017 lead to
an average of 498 and 738 fewer well failures. Lastly,
wells that do not fail may still be vulnerable to failure.
Our model estimates that in Fall 2018, an average of
2568 well pump intakes were within 3 m of the

4 ater management regimes aimed
g trends in groundwater level will
itude of domestic well failure. A ‘Busi-

1 linear groundwater level decline would
an average of 5966—10 466 domestic well fail-
y 2040. In contrast, a more gradual ‘Glide path’

dechne would result in 3677—-6943 domestic well fail-
ures by the same date. A Strict sustainability’ regime
that allows groundwater levels to decline until 2020
before halting would resultin 1516—2513 well failures.

Together, these results demonstrate that access to
domestic water supply for large rural populations may
be imperilled by a relatively small number of agri-
cultural users, posing challenges for equitable and sus-
tainable groundwater management which may not
adequately represent domestic well users.

Models like the one developed in this study may be
updated over time to accommodate additional wells,
refine existing well construction information, and
evaluate the impact of potential water management
strategies on groundwater level changes, and hence
well failure. This study’s approach to well failure mod-
eling may be applied in other arid regions worldwide
to facilitate drought preparedness planning. We
anticipate that the model developed herein may be
used by local and state agencies developing ground-
water management plans in accordance with Cali-
fornia’s Sustainable Groundwater Management Act.
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